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Abstract: Aiming at the problems of poor model performance and low training efficiency in training streaming data of Al
models that provide intelligent services, a high-performance federated continual learning algorithm for heterogeneous
streaming data (FCL-HSD) was proposed in the distributed terminal system with privacy data. In order to solve the prob-
lem of the current model forgetting old data, a model with dynamically extensible structure was introduced in the local
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